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W ater and Settlan ent A rea Extraction fran Single-band
Single-polarization SAR Images Based on SVM M ethod
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Abstract It is very imporlant to extract water and settlanent areas fran SAR mages in practical applications In this
paper the single band and single-polarization Radarsat-1 SAR mage is used to water and settlan ent area extraction F irstly
the statistic stucture mfomation of sanple mage is analyzed using san rvariogran to detem e the optinun param eters for
textural mfom ation extraction In onder to establish the multrdin ension feature space for inage classification the textural
m easures such asmean angle second manent and entropy have been caleulated based on grey level co-occurrence m atrix
method Then the waler and settlan ent area nfom ation can be enhanced effectively using false color can posite m ethod
Three types of sanple such as water settlament and other are collected as training sanples and the mage data are
processed using support vector machine classification method Finally the mage fusion on the taiget level bew een
classification result mage and NDV I image is conducted in order to elin inate the mountain influence and the water and
seltlan ent areas are extracted accurately w ith a tolal classification accuracy of 82.5%e, and Kappa coefficient of 0. 58
Keywords synthetic aperture radar( SAR), san rvariogran, grey level co-occurrence matrix  support vector mach ine
(SVM)
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Fig 2 Procedure of SAR inages mfom ation extraction and

accuracy evaliation based on textural analysis
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